The article analyses the factors that determine the probability of debtors' default in the Lithuanian peer-topeer market. The results of this study are compared with previous research. Keywords: personal finance, borrowing decisions, lending services, borrowers' default.
Introduction
Households and businesses seek for external funding, which is crucial for higher consumption, larger development and execution of financial plans. At this point, the demand which arises from the need of extra funds is fulfilled by the credit market. The main players in this market are banks or other financial institutions, such as credit unions, which act as an intermediary between lenders and borrowers, or payday loan providers. The constantly evolving information technologies, digitalization process or Blockchain innovations help to create new credit alternatives, which take an increasing share of the market from the traditional providers. One of these alternatives is peer-to-peer (p2p) lending platforms, which allow us to lend and borrow money among active platform members without the intervention of other financial intermediaries. The financial resources are transferred directly from individuals with capital surplus (investor side) to those with capital deficit (borrower side). Investors face all the associated risks with the issuance of the loan. One of the main is credit risk, which is understandable as the risk which arises from the debtor's failure to fulfil their financial obligations. Consequently, inappropriate loan's credit risk assessment can cause losses and vice versa, proper assessment can result in higher returns, which is the main goal of any investment.
Just because the world's first p2p lending platform was launched just more than a decade ago (Lichtenwald, 2014) , the evaluation of credit risk factors on borrowing platforms has become an interesting object of research among scientists and other interested parties. Different However, the research results were different and there was no consensus about factors or market subjects' behaviour, which would signalize about default in p2p platforms. Moreover, it is important to mention that most research is concentrated in countries with mostly developed p2p markets: USA, China, United Kingdom, Germany, etc., but there is a lack of that kind of studies in countries with less developed p2p markets. Lithuania could be one example where we have the lowest household saving rates in Europe and where investment culture is just emerging. That is why it is necessary to update existing studies and assess the impact of credit risk factors on default probability using these new alternative financing instruments.
Research problem: what are the main determinants of credit risk that effect the default in peer-to-peer lending platforms in Lithuania?
Research aim: to identify the key determinants of credit risk that influence the default in the Lithuanian peer-to-peer lending platforms.
Research objectives: 1. To define the concept and models of peer-to-peer platforms.
2. To systematise the previous empirical research results and to identify the possible credit risk factors on peer-to-peer platforms.
3. To develop methodology for assessment of borrowers' default determinants in p2p platforms.
4. To apply the methodology of assessment of borrowers' default determinants in the Lithuanian p2p platforms.
5. To summarize and compare results with previous research.
Theoretical aspects of default risk in p2p platforms
The concept of p2p platforms. In order to assess credit risk factors in p2p platforms, it is important to analyse the definition of this phenomena. Even though this term is not new in the finance field (first p2p platform was established in 2005), but it does not have a clear definition, and legislators, scientists or investors are treating these platforms differently. According to a Lithuania Law on Consumer Credit, p2p platforms are defined as "an informational system, which is managed by the operator of that platform" and p2p lending as an "activity, where lenders (creditors) provide or pledge to provide a consumer credit through p2p platform" (No. XII-1989) . Moreover, p2p platforms are customized for both, individuals and businesses. In scientific literature, this term is defined in different ways. P2p platforms are based on the digital space, involving one or a group of market individuals, who use the same platform without participation of financial intermediaries such as banks, credit unions (Wei, 2015) . C. Serrano-Cinca, B. Gutiérrez-Nieto and L. López-Palacios (2015) define p2p platforms as financial innovation that combine money supply and demand. K. Davis and J. Murphy (2016) state that p2p platforms are more similar to an online auction, but in the case of loans, not goods. Good example of that would be "Ebay", "Uber". Investors can choose debtors according to their own criteria.
Y. Guo et al. (2016) explain the concept of p2p platforms emphasizing their specific features, f.ex. loan amount and timing. The requested loan amount first appears at a loan application that is later financed by lenders (investors). The loan amounts and lenders' quantity per loan vary a lot. For example, loan of 1000 euro can be funded by one investor, who finances the whole loan, or distributed among a number of investors with different amounts of contribution. Timing is another crucial aspect of such kind of borrowing. If the whole loan amount is collected via investors within a specified time-period, a loan application is accepted. Another specific feature of this borrowing market is that debtors must provide not only common compulsory information about working status, income, assets or liabilities, but also such information as detailed description of loan purpose, marital status, leisure activities or hobbies. However, by no means identifying a person's identity (Guo et al., 2016) . P2p platforms create some kind of social circles or networks (platforms bring together people from the same geographical area, religion, etc.) and investors can rely not only on financial information when making investment decisions, but also additional socio-demographic aspects of borrower. According to M. Malekipirbazari and V. Aksakalli (2015), p2p platforms have several important benefits for investors, when comparing with other financial intermediaries: more dynamic environment, reduced financing costs and increased efficiency of the financial market. Additionally, from the perspective of the investor, p2p platforms can generate potentially higher return on investment comparing with such alternatives as bank deposits or corporate bonds. For the debtor, on the contrary, the benefits come from bigger availability of credit and lower loan interest rates comparing with alternative credit intermediaries, f.ex. SME financing. C. SerranoCinca et al. (2015) consider p2p platforms as a risky investment alternative, such as derivatives, because these platforms do not have capital requirements like banks neither take deposits.
Model of p2p platforms. As mentioned in the previous section, due to the existing volatility in financial sector (global financial crisis in 2008, low interest rate environment, the shift from physical assets to crypto currency), investors are looking for alternative investment opportunities, such as p2p platforms. As this market evolves, the models of p2p platforms operation also diverge. One of the most common is so called traditional p2p platform model. According to K. Davis and J. Murphy (2016) , this model directly connects investors with borrowers ( Figure 1) .
The role or purpose of p2p platform operator in this simple model is administrative ( Figure 1 ). Platform operators do not invest or provide any loans, because the main source of income for them is transaction fees and commissions (taxes) from investors and debtors. Moreover, an operator is responsible for debtor's credit risk assessment, loan arrangement between the investor and the debtor, additional loan administration, if a borrower does not cover their financial liabilities ( recovery of unpaid amounts). The investor's role in this model in the short-term is selection of possible investment and loan granting. In the long-term -investment monitoring and payment of taxes for a p2p operator. For the debtors in the short-term the most important thing is to be accepted (according to the borrower's financial characteristics) by the platform operator. In the long-term, a borrower is responsible for payments of principal, interest and administrative fees.
One of the aspects how p2p platforms differ is the type of loans that are being provided. A. Mateescu (2015) , A. Fong (2015) provide comprehensive lists of p2p platforms, according to the type of loan. In this paper consumer loan platforms will be analysed in more detail. It is one of the most commonly recognized types of loan raised through the p2p platforms. The purpose of consumer loan mostly concentrates on the purchase of certain goods or services (for example, loan for a car, holiday, home improvements, medical expenses, and etc.). Moreover, p2p consumer loans are very popular among those who are interested in refinancing their previous loans or to achieve debt consolidation. Except from consumer loan platforms, there exist platforms that facilitate p2p loans for small and medium enterprises, student loans or real estate loans. These different types of lending platforms emphasize the idea of social lending, combining two different parties and maximizing their utility.
Risk factors on p2p platforms. Most researchers agree (Mateescu, 2015; Milne and Parboteeah, 2016; Davis and Murphy, 2016; Wei, 2015) that the most important risk in p2p platforms is credit risk. A credit or default risk is related to an entity's non-performance of financial liability (subject defaults), i.e., the borrower is not repaying his debts (principal + interest) on time or at all. In that case, an investor can possibly incur maximum losses due to the inappropriately assessed investment risk. According to K. Davis and J. Murphy (2016), investors in p2p platforms tend to seek for highest returns, therefore, this is where credit risk arises. S. Cai et al. (2016) distinguish another aspect of credit risk in p2p platforms, which is information asymmetry. According to the authors, the credit risk highly correlates with existing information asymmetry while investors cannot make rational investment decisions. Information asymmetry problems are analysed by the Signaling theory, which states that disclosure of minimal attributes can significantly reduce information asymmetry. To control for this problem, p2p platform operators assign credit ratings to debtors. These ratings are based on different criteria depending on the platform. These ratings allow to partly evaluate borrowers credit risk. Another important aspect that p2p operators are using to secure investors is guarantee funds. Those guarantee funds (if selected by an investor) in case of loan default, will pay back all investors' invested money into that loan(s) plus interest. However, the risk of lost money, still exists, because in the case of platform bankruptcy, invested funds are no longer protected. Moreover, some p2p platforms create a secondary loan market for investors. In this market, an investor can sell their existing (confirmed) loan share to the other investors for a bigger or a lower price. This tool gives opportunity for investors to manage credit risk. Additionally, in the line with credit risk, authors M. Pokorná and M. Sponer (2016), X. Lei (2016) identify operational risk. Due to the lack of competence, accidentally or even for a particular purpose, a platform operator can give a wrong credit rating for a borrower and due to that investors can incur losses. That is why p2p platform operators and other institutions install internal audit models, which allow controlling borrower's assigned information more efficiently in the platform. There are even institutions ("online to offline"), that automatically give information about a borrower to the platform, even before operator's assessment. Liquidity risk. According to K. Davis and J. Murphy (2016) coincidence of loan portfolio repayments makes investment quite often illiquid. A problem comes when the time for loan repayments matches and an investor faces a lack of available funds. That is why p2p platforms offer secondary market. Systemic risk. As discussed above, some of the p2p platforms concentrate on specific types of loans, for example, mortgage loans. If investors' loan portfolios are not well-diversified according to the loan type, investors might lose a big part of the portfolio if debtors default due to changes in economic environment. Operator risk. This risk is similar to operational risk, but in this case, a platform operator can terminate lending activities due to unprofitable business model, or some technical issues, which would require many financial resources to properly perform their obligations, even if borrowers are repaying liabilities perfectly (Milne, Parboteeah, 2016) . Regulatory risk. S. Wei (2015) , A. Milne and P. Parboteeah (2016) note that changes in legal framework can create various gaps, which would encourage "money laundering" or other types of fraudulent activities. And because the importance of p2p platforms in the world is increasing, the platforms should be more closely monitored by central banks. Sometimes the adherence of regulation is also a complicated thing to do, because of the possible costs (new data requirements from general data protection regulation-GDPR). H. Z. Ma and X. R. Wang (2016), S. Wei (2015) also emphasize data security risk. P2p platforms exist on the internet and there is a potential risk of cyber-attacks, resulting in the leak of sensitive data (user privacy violations). The use of big data not only reduces information asymmetry and makes credit analysis more accurate (platform operator's perspective), but also increases the risk of data protection.
Previous empirical research. The proper assessment of the factors that determine credit risk, allows to partly control / anticipate the debtor's default. Main research results are summarized in Table 1 . Majority of authors revealed that loan term, education level and years of experience has a negative effect on probability of default. It is in line with the theory, because the more experience or the higher education person has, the bigger is the probability, that a person's income will be higher, or in case of unemployment, return to the labour market would be quicker. For borrower's personal characteristics, such as gender and age, the effect is still uncertain, because of contradictory study outcomes. Same uncertain effect is for the financial determinants like loan amount and interest rate or DTI (debt-to-income ratio). In case of positive effect to borrower's default, these results would signalize rational behaviour. For example, higher loan amount and higher interest could be related with the higher borrower's expenses, which, in times of recession, would be the reason of default. For DTI, positive effect shows, that the borrower's disposable income is reduced by existing loan(s) repayments. In addition, if person has dependents (children), this residual value of income is tightened even more. Finally, the usefulness of credit rating (which is considered as one of the main tools for investors to assess the loan quality) assigned for every borrower by p2p platform operator or by external institution is still debatable and must be examined due to variation in results.
Most of research in this area is based on the data from the United States' or China's p2p market. For ex., R. Emekter et al.
(2015) studied credit risk and loan performance in "Lending club" p2p platform (USA). Authors revealed that the credit rating given by the platform operator predicts possibility of borrower's default (positive effect). While DTI and number of open credit positions had a statistically significant negative effect. The effect of open credit positions shows that, the more open positions borrower has, the lower his probability to default. It can be partly explained that those open positions can be loans for refinancing of previous ones. DTI effect on default probability can be interpreted as out of scope result, because the higher the DTI (which is bad signal), should be related with higher probability of default. Similar results achieved by the C. Serrano-Cinca et al. (2015) . M. Malekipirbazari and V. Aksakalli (2015) examined default probability in "Lendind Club" platform. By including 23 different variables, authors found that provided credit ratings do not allow to predict borrower's defaults accurately. Therefore, these results contradict the effectiveness of credit rating as a tool of measuring probability of default. Y. Guo et al. (2016) evaluated that the ownership status has a biggest and positive impact on default probability, meaning that if debtors do not own real estate but rent it, the credit risk is higher ("Lending club" and "Prosper" data).
Another part of studies analyses borrowers default risk in China's p2p platforms. For example, X. Lin et al. (2017) examined relationship between credit risk factors and debtor's default in "Yooli" platform. Repayment period, number of descriptions, number of defaults before -negative relationship; Interest rate, credit rating, gender, number of successfully funded loans -positive relationship.
Freedman and Jin (2017).
2006-2008 25008 loans.
Relationship between social ties in p2p platform and probability of default.
Connection through social network in p2p platforms -positive relationship.
Riggins and Weber (2017).
2005-2010 97226 loans.
Information asymmetry and probability of default in global p2p.
Loan type, region, number of days until the loan was financed, number of characters of borrower's description, gender, picture and URL in p2p platform -negative relationship. 2013) examined the friends network effect (borrowers lending platform account is related with social network account) on default probability in the United States' p2p platforms. The authors determined that only friends, who both, bid or won, had a significant positive effect on probability of default, meaning the bigger number of friends that participated in loan funding, the higher the probability of default. S. Freedman and G. Z. Jin (2017) analysed relationship between social ties in p2p platform and probability of default. Authors found out that connection through social network in p2p platforms increases the probability to get lower interest rate or even the probability of default. These results support the findings of X. Lin et al. (2013) .
In summary, it can be said that different researchers, investigating determinants of default in p2p platforms, have applied different methods involving a broad range of credit risk factors. The majority of studies found a statistically significant impact of credit risk factors on borrower's default. Therefore, it means, that investors have an opportunity to take advantage by analysing specific factors before making a decision to finance a loan. However, the research results are contradictory. These differences occur due to the different periods of analysis, methods, and countries. That is why the importance of research of borrower's default risk factors in p2p platforms still exists, especially in countries like Lithuania, where p2p platforms are new investing (financing) tool and the results of research can strongly differ from the previous studies and reveal new tendencies.
Research methods
Research object: Determinants of default in Lithuanian p2p market.
Data sample: This study examines credit risk determinants that can cause a borrower's default in Lithuanian p2p market. According to the data of the Bank of Lithuania there were three operating peer-to-peer platforms in Lithuania that complied the research profile (active form of traditional consumer loans p2p platforms): "Finbee", "Savy" and "NEO finance". All these platforms started operating since 2015. According to the amount of loans provided, companies share the market the following way: Finbee (30%); Savy (31%), Neo finance (39%). It can be stated that there is no clear leader in Lithuanian p2p market. The data set for this study was retrieved from "Finbee" platform database. It covers loans granted from August 2015 to October 2018. One of the criteria for selecting loans for research, was that loan has to be already confirmed by the platform operator. Six loans were deleted due this criterion. Another criterion was related with the availability of borrower's information in loan application, due to which two loans were withdrawn from the sample. Our final sample contains 6324 loans with total value of 12,8 million euros.
Description of variables: Based on the previous research a set of variables was selected. Each variable and its measurement method are explained.
Dependent variable (Y) -default. It is a binary variable, that obtains value 1, if the borrower has defaulted on a loan and value 0 if not. Previous empirical research considers the borrower's position as "default" when the payment of loan is more than 90 days late (120 in some cases). Due to the specificity of the dataset, in this research "default" means that debtor is late to pay its obligations at least 1 day. According to our definition of default, 804 loans are defaulted (13% of sample).
Independent variables (X):
Loan purpose. "Finbee" p2p platform divides loan purpose into 7 different groups: consolidation of previous loans (28%), loans for holidays/travelling (1%), medical expenses loans (3%), loans suited for business purpose (2%), car loans (11%), home improvement loans (15%) and other loans (40%), which are all the remaining loans that are not covered by the previous groups. C. Serrano-Cinca et al. (2015), F. J. Riggins and D. M. Weber (2017) also included loan purpose as a possible factor that effects default.
Loan period. Loan period is measured in months and it shows how long it will take to fully repay the loan (if not earlier). In order to obtain a more accurate effect of the variable, loan period is divided by 10. As the increase of loan period by one month can be not enough to evaluate possible effect on borrower's default, that is why 10-month changes are used. 
Debt to income ratio (DTI)
. This ratio shows household's balance between debt and income: the ratio of payments of new and existing loans / disposable monthly income. According to the regulations of Responsible Lending, debt to income ratio cannot overcome 40% in Lithuania. This ratio is a tool to evaluate debtor's ability to fulfil his financial obligation. This ratio can replace loan amount variable, as it better reflects household's financial difficulties. Researchers found contradictory DTI effect on probability of default.
Borrower's education. Binary variable, which shows borrower's education level: high school (12 years in school), graduate (bachelor's degree), post graduate (master or PhD degree) and vocational education (professional qualification). According to "Finbee" loan portfolio distribution, borrowers with high school education covers 42%, graduates -21%, post graduates -5% and vocational education Borrower's age. Variable, which shows debtor's age, is divided by 10 following the same logic as in previously discussed variable "loan period". X. Lin et al. (2017) found positive relationship between the debtor's age and probability of default, while R. Ge et al. (2017) -negative. Positive relationship indicates, that the older the borrower, the higher the probability of default. If a person is getting older, his/her chances to find a new job decreases and probability to lose the current one -increases. Moreover, time till retirement also decreases. On the contrary, negative relationship indicates, that an older person has more knowledge and experience in the labour market, which gives him/her advantage.
Borrower's employment status: Binary variable, which shows employment status of a borrower at the time of loan request. This variable is divided into five groups: employed (95% of loan portfolio), self-employed (2% of loan portfolio), employed part time (3% of loan portfolio), unemployed (0% of loan portfolio) and student (0% of loan portfolio).
Years of employment:
This independent variable shows total amount of years that borrower has been employed. Similar to the variable "borrower's age", the years of working are divided by 5, to check the effect on probability of default after 5 extra working years. X. Lin et al. (2017) and J. Ding et al. (2018) found a negative relationship between working experience and probability of default.
Dependents: Variable, which shows households number of dependents, younger than 18 years old. This type of variable is not commonly used in previous studies, but it can be considered as a factor of borrower's default, because higher number of dependents can be related with the higher probability of default.
Borrower's marital status: Binary variable, which is divided into 4 groups: single (39% of portfolio), married (41% of portfolio), divorced (17% of portfolio) and others, which is not assigned to any of these three groups (3% of portfolio). Previous researchers used marital status as a credit risk factor. The statistically significant relationship between this variable and probability of default was not found in earlier studies.
Borrower's gender: It is a binary variable, that obtains value 1, if a borrower is a male, and 0 if she is a female. Previous findings by X. Lin et al. (2017) indicated that female borrowers are less likely to default than male ones.
Credit rating provided by the platform operator. It is one of the main variables that investors are looking at. It allows evaluating possible borrower's behaviour. "Finbee" platform gives four credit ratings for debtors: "A", "B", "C" and "D". The effect of credit rating to probability of default has mixed results among researchers, same as with DTI variable.
Research method: The dependent variable "default" is binominal, as the outcome has only two option, occur or not occur. When having a "fixed" outcome the use of linear function is problematic, because the fitted probabilities can be less than zero or greater than one and the partial effect of any explanatory variable is constant (Wooldridge, 2003) . Because of that, in linear model errors are heteroskedastic and are not normally distributed. To solve this problem, logistic regression or Logit model is used. As we can see in Table 1 , almost every author used logistic regression in their researches.
By defining the measurement of the factors analysed in the study, their expression, as well as discussing the method of research, it is possible to formulate multiple logistic regression model:
(1)
Where: default -borrower's default; credit -borrower's credit rating; purpose -loan purpose; period -loan period; educborrower's education; interest -interest rate; male -borrowers gender; age -borrowers age; work -employment status; exp -working experience; marital -borrowers marital status; DTIdebt to income ratio; child -number of dependents.
Limitations of the study. Even though the variable and research method selection are appropriate for the assessment of credit risk factors on the probability of default, however, it is necessary to review the limitations of this study. First, our sample size covers 30% of the Lithuania's p2p market and the selected sample size is relatively small comparing with previous research. This problem is in line with the second one, that the time period of research is relatively short. It means that the short period does not include economic cyclicality. Moreover, during different economic periods, credit risk variables, that cause borrower's default in the short term, can significantly change in the long run. Finally, the criteria for defaulted loans selection are also discussable, as payments, that are late less than 5 days, can be considered as technical barrier, but not a borrower's default. That is why, our selection criteria can underrate customers that are actually paying on time.
Research results
Due to rapidly changing economic conditions, corporate financial environment and political events, the impact of credit risk factors on probability of default is changing as well. That is why it is necessary to update and extend the existing research. Moreover, as mentioned before,
Fig. 2. Peer-to-peer lending statistics in Lithuania 2015-2018
Source: based on "Finbee", "Savy" and "NEO finance" statistics. Total number.
Peer-to-peer lending statistics in Lithuania
Peer-to-peer lending statistics in Lithuania studies, that analysed the determinants of probability of default in Lithuanian p2p market are lacking, even though the market is growing (Figure 2 ). The list of crowdfunding platforms contains 12 companies currently operating in Lithuania but only 3 intermediate credit provision to individuals and do not engage in consumer credit provision by themselves. Figure 2 represents the aggregate dynamics (value in euro and number of units) of those three p2p platforms. The total value and number of loans is growing rapidly over analysed period reaching almost 45 million euro of loan portfolio in the second quarter of 2018. Loans' portfolio value increased by 32% per quarter on average (121% increase comparing 2018 IIQ with 2017 IIQ), while number of loans on average increases about 25% per quarter (87% increase comparing 2018 IIQ with 2017 IIQ). These tendencies indicate, that there is an increasing interest in p2p lending. The constantly increasing p2p market provides more investing opportunities for individuals, but uncertainty in this market creates necessity to understand and evaluate credit risk and borrowers possible default.
Descriptive statistics analysis of the variables of credit risk. Descriptive statistics of borrowers' characteristics in the Lithuanian p2p market is presented in Table 2 .
As shown in Table 3 , only 6.3% from analysed 6324 loans have credit A (highest rating), while rating D accounts for 24.5% of loans. Loan period indicates, that average loan length is about 32-33 months, while maximum value reaches 60 (5 years is maximum possible loan period according to the law). Loan interest rate varies from 6.4% to 39.3%, with the mean value is 20,2%. Debt to income ratio indicates, that the lowest ratio reaches 9%, while highest 40 %, which is ratio ceiling based on law. According to statistics, more female borrowers (52.1%) use p2p platforms According to borrower's marital status, status "single" has the highest percentage of defaults (49%), while married borrowers -31%. Moreover, male borrowers have more defaulted loans (57%) comparing to female (43%) ones. More than half (53%) of defaulted loans are from borrowers with high school education and 23% of defaulted loans from debtors with vocational education. Only 4% of defaulted loans are from borrowers with master or PhD degree. According to credit ratings, the credit rating "A" has a lowest portion of defaulted loans (1%), while rating "D", which is considered as the riskiest, -43%. From loan purpose perspective, we can see that the highest default percentage is among consolidation of previous loans (36%) and other loans (34%). There is no big difference between number of dependents, as a mean value varies from 070 to 0.74 comparing defaulted and non-defaulted loans. Mean value of age variable shows, that for defaulted loans borrower's age was approx. 35 years, while for nondefaulted borrowers -38 years. We can state, that interest rate is related with probability of default. Average interest rate of defaulted loans is about 23%, while for non-defaulted -20%. Finally, loan period indicates that for defaulted loans loan period is approximately 37 months on average (32 months for non-defaulted loans).
Results of Logistic regression analysis. The aim of this paper is to investigate credit risk determinants that affects probability of default in the Lithuanian p2p market. Results are summarized in Table 3 .
Overall model is statistically significant, maximum likelihood chi square test's p value < 0,01. Moreover, all standard errors in the model are below 2. This indicates that we do not have significant multicollinearity between regressors in our model. Variables "unemployed" and "student" were omitted from regression because of the small sample size (only 2 loans). Moreover, variables that explain marital status, there may be existing collinearity problem, that is why variable "divorced" (which can be interpreted as single) was remodelled and variable "other" was removed from the data sample (due to the lack of transparency).
From loan characteristics, such as purpose, only loan for cars (negative) and business loans has (positive) effect on borrowers' default. These results partly support findings of C. Serrano-Cinca et al. (2015) . These authors also found that business loans are the riskiest among other purposes. Regression results confirmed that credit rating, provided by the platform operator, has a negative effect on borrowers' default. Moreover, the better the rating, the more it is likely that borrower would not default. Thus, we can say, that credit rating can reflect useful information for investors. This finding relates with Y. Source: created by the authors. Dependent variable is default. *,**,*** represents 10%, 5%, 1% confidence levels.
financial obligations than men. Marital status is also significant factor, when evaluating borrower's default. We found that married borrowers are less likely to default than single ones. It can be interpreted that married borrowers have more possibilities to obtain necessary funds for financial obligations, because it is more likely that both family members are working. In this study, one of the regression models indicated significant and negative effect of debt to income ratio. Therefore , Summarizing the results of logistic regression, we can say that these significant credit risk factors may show information for investors and other interested parties about possible borrowers' default. Even though, some of the obtained results support and some of them contradict previous research, but the necessity of this study is obvious. Investors must carefully evaluate every credit risk factor in order to avoid borrowers' default.
Conclusions
After summarizing previous empirical research on credit risk factors that affect probability of default, we can state, that there is a significant relationship between these phenomena. However, the results according to different credit risk factors are contradictory. These differences occur due to the different research periods, applied methods or country of analysis.
According to statistics, the Lithuanian p2p market is constantly growing. The increase of importance of this financial innovation creates uncertainty for investors, how to manage their investments safely in order to avoid borrowers' default. According to the results of logistic regression analysis, ten credit risk variables out of twelve were statistically significant. Loan purpose for a car had negative, while business loans positive effect comparing with loans for debt consolidation. Loan period and interest rate had a positive effect on probability of default. Borrower's characteristics, such as education (higher than high school) and working experience had a negative effect on borrower's default. However, age is related with higher probability of default. Results also show that females and married borrowers are less likely to default. Finally, credit ratings and debt to income ratio showed a negative effect on the borrower's default.
Comparison of the results of this study with the previous research revealed that these results support and complement the majority of previous empirical findings. Finally, we can conclude that proper assessment of credit risk factors can help investors to avoid loans, which may possibly default in the future.
